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Disclaimer

This whitepaper is provided for informational and strategic purposes only. The 

analysis, frameworks, examples, statistics, forecasts, and recommendations 

presented are based on publicly available research, cited industry sources, and 

the authors’ analysis and perspectives. They do not constitute financial, legal, 

regulatory, investment, or professional advice. 


Industry statistics and projections reflect the sources and information available 

at the time of publication and may change as the AI and financial-services 

landscape evolves. Forward-looking statements and forecasts represent 

expectations and analysis, not guarantees of future outcomes. 


Any practitioner examples included in this whitepaper are intended to illustrate 

the application of the framework and should not be interpreted as 

representations of specific client engagements unless explicitly identified as 

such. 


Organizations should evaluate their own business, technology, regulatory, and 

risk environments and obtain appropriate professional advice before making 

decisions based on this whitepaper. 


While reasonable care has been taken to present accurate and relevant 

information, no guarantee is made regarding the completeness, accuracy, or 

future applicability of the content.
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AI adoption in financial services is no longer a question of if, but of what happens 

after adoption.

Organizations are investing heavily in AI, deploying copilots, 

automation, predictive systems, and increasingly agentic 

capabilities. Yet widespread adoption has not translated 

consistently into measurable business value. The challenge is 

becoming less about access to AI technology and more about 

how deeply it is integrated into the way organizations work, 

decide, act, govern, and learn.

This whitepaper examines that gap and introduces a practical 

maturity framework: Bolted-On, Wired-In, and Compounding.

It provides a way for financial-services leaders to assess 

where their organization stands, understand what prevents AI 

from translating into sustained value, and identify the changes 

required to move beyond isolated deployments.

The opportunity is no longer simply to deploy more AI. It is to 

build the workflows, data connections, decision rights, 

governance, & feedback loops that allow AI to create value 

and improve that value over time.

The next AI advantage will belong not to those who adopt AI first, but to those 

who integrate it best.
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1. Executive Summary

Fintechs don't have an AI adoption problem. They have an 

integration problem. More than 80% of financial services firms 

have adopted AI in some form, yet only 40% report an increase 

in profitability from it, and 43% report no financial change at 

all. The gap between using AI and profiting from it is now the 

defining strategic question in financial services, and it will not 

close on its own.

Firms that add AI to an existing workflow see output without 

impact. Firms that rebuild the workflow, the data pipeline, and 

the decision rights around AI see returns that compound. We 

call the difference between these two outcomes the Fintech 

AI Integration Gap, and we introduce a three-stage maturity 

framework, Bolted-On, Wired-In, Compounding, to help 

executive teams diagnose where their organization actually 

stands, not where their AI budget suggests it stands.

This whitepaper argues that the gap is structural, not 

technological.

Key findings:

1. Adoption has outpaced impact. 4. The value on the table is not small.

Industry-wide AI adoption has passed 80%, but fewer than 

half of adopters report a profitability gain.

McKinsey estimates that generative AI could create $200B–

$340B in annual value for the banking industry, equivalent to 

approximately 2.8%–4.7% of annual banking revenues.

2. Usage and outcome are diverging fastest at the agentic 

layer. 5. Most institutions have yet to move AI from experimentation 

and isolated deployment into scaled, core business 

processes.

52% of financial services firms are already using agentic AI, 

highlighting the need for governance infrastructure to mature 

alongside deployment. Only a minority of banks have moved AI past pilot status into a 

core, scaled process, according to BCG's 2025 research.

3. Where firms invest in integration, not just tools, the return 

shows up.

89% of financial services professionals using AI report it has 

increased revenue or cut costs, and nearly all expect AI 

budgets to hold or grow.
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2. The Paradox: 

Adoption Is Up, Profit Isn't

More than 80% of surveyed financial-services organizations 

report adopting AI at some level, while 40% report increased 

profitability and 43% report no financial change from AI. 

Adoption, in other words, has become close to universal. Profit 

has not followed it.

NVIDIA's respondents are firms already active enough with AI 

to answer a detailed survey about their deployments, a group 

skewed toward more advanced users. CCAF's broader 

industry sample, covering 628 organizations across 203 

fintechs, 149 incumbents, 146 AI vendors, and 130 regulators, 

captures the full distribution, including firms that adopted AI in 

name only.

This is not a story about AI failing to work. NVIDIA's 2026 

survey of more than 800 financial services professionals found 

that 65% of firms are now actively using AI, up sharply from 

45% the year before, and 89% of those users report AI has 

increased revenue or decreased costs. The technology is 

producing results somewhere. The problem is that 

"somewhere" is not evenly distributed, and for a large share of 

the industry, it is not happening at all.

The two findings are not directly comparable populations. 

CCAF provides a broader view of AI adoption, impact, and risk 

across the financial-services ecosystem, while NVIDIA's 

survey focuses on financial-services professionals and 

organizations already actively engaging with AI. The difference 

therefore illustrates an important maturity effect: reported 

value is higher among organizations further along the AI 

adoption and implementation curve.

Put the two data sets side by side and a pattern emerges.

The comparison suggests that value realization is associated 

with implementation depth, not adoption volume alone.

Generative AI alone could add $200 billion to $340 billion in 

annual value to global banking, equivalent to approximately 

2.8% to 4.7% of industry revenue. That is the size of the prize. 

The industry's own data says much of that potential is still 

unclaimed.

McKinsey's estimate of what is being left on the table is not 

small.

Exhibit: The Adoption-Profit Gap

Metric Figure Source

80%+

Financial services firms adopting AI at some level CCAF, 2026

40%

Firms reporting increased profitability from AI CCAF, 2026

43%

Firms reporting no financial change from AI CCAF, 2026

89%

Active AI users reporting revenue or cost impact NVIDIA, 2026
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We think the reframe most executives are missing is this: the question is not "should we adopt AI." 

That question has already been answered by the market. The question is why adoption, on its own, 

does not produce the return the underlying technology is capable of, and what separates the firms for 

whom it does.

3. Introducing the Framework: 

Bolted-On, Wired-In, Compounding

The difference between organizations that use AI and those that create sustained value from AI is not simply the quality of their 

models. It is the depth of integration between AI and the systems, workflows, decisions, and feedback mechanisms that run the 

business.

We define this progression through three stages:

03

Compounding

02

Wired-In

01

Bolted-On

These stages describe how deeply AI becomes embedded in the operating model of a financial services organization.
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Stage 1 - Bolted-On

AI Produces an Output

AI is deployed as a standalone capability that helps individuals perform existing tasks faster.

Typical examples include:

Employee copilots for drafting, summarization, or 

research

01 04

Code-generation tools

Customer-service chatbots operating alongside 

existing workflows

02 05

Ad hoc predictive models

Generative AI tools used without direct access to core 

enterprise systems

03 06

AI-assisted document review

The technology may be sophisticated, but the surrounding operating model remains largely unchanged.

What It Looks Like

Workflow: AI supports an existing task rather than redesigning it.

Data: AI relies on manually supplied, fragmented, or limited context.

Decision rights: Humans remain fully responsible for interpreting and acting on the output.

Governance: Controls are typically added around the AI tool rather than embedded into the workflow.

Feedback: Usage may be measured, but outcomes are rarely fed back into the system to improve future 

decisions.

The Value Pattern

01 02 03

AI Output Human Interpretation Manual Action

The organization gets a productivity benefit, but the value is often episodic and difficult to scale.

The central limitation is not that the AI does too little.

It is that everything around the AI still works the old way.
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Stage 2 - Wired-In

AI Changes the Workflow

At this stage, AI moves beyond being an assistant and 

becomes an integrated component of business processes.

AI is connected to the data, applications, rules, and people 

required to complete a defined workflow.

Examples include:

01 02 03

AI-driven underwriting workflows Fraud detection integrated 

directly into transaction 

processing

Relationship-manager systems 

that surface next-best actions

04 05 06

Intelligent claims or dispute 

processing

Automated compliance review AI-powered customer-service 

workflows connected to 

customer and transaction data

The defining shift is from AI as a tool to AI as part of the process.

What It Looks Like

Workflow: Processes are redesigned around AI capabilities rather than simply adding AI to existing tasks.

Data: AI can access relevant, governed enterprise data and contextual information.

Decision rights: Responsibilities between AI and humans are explicitly defined.

Governance: Controls, approvals, auditability, and escalation mechanisms are built into the workflow.

Feedback: Outcomes are captured and used to evaluate and improve performance.

The Value Pattern

01 02 03 04 05

Data AI Analysis Workflow 

Action

Human 

Oversight

Measured 

Outcome

Value becomes more consistent because AI is no longer 

dependent on individuals manually moving information 

between disconnected systems.

The organization begins to capture value at the workflow level 

rather than the task level.
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Stage 3 - Compounding

AI Improves the System Around It

Compounding is the stage at which AI becomes part of a 

continuously improving operating system. It does not 

necessarily mean autonomous model retraining. It means that 

real-world outcomes systematically inform evaluation, 

controlled improvement, and subsequent decision-making.

In regulated environments, that improvement may involve 

human review and formal approval rather than automatic 

system changes.

The organization does not simply deploy AI into workflows. It 

creates mechanisms through which decisions, outcomes, and 

feedback improve the next cycle of performance.

AI can increasingly:

01 02 03 04

Coordinate multiple steps 

across a workflow

Retrieve and synthesize 

information from multiple 

systems

Recommend or execute 

actions within defined 

authority

Use measurable outcomes 

to improve subsequent 

decisions, workflows, or 

controlled system updates

05 06 07 08

Detect exceptions and 

escalate them

Continuously improve 

decision support

Orchestrate specialized 

models or agents

Adapt workflows as 

conditions change

This is where agentic AI can become particularly consequential, but only when the underlying integration, governance, and 

decision architecture are mature enough to support it.

What It Looks Like

Workflow: AI participates in end-to-end processes rather than isolated tasks.

Data: Data flows continuously between systems, models, and decisions.

Decision rights: AI autonomy is explicitly defined according to the importance and risk of the decision.

Governance: Controls operate continuously through permissions, policies, monitoring, audit trails, and 

human escalation.

Feedback: Real-world outcomes feed back into the system, creating a measurable improvement loop.
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The Value Pattern

01 02 03 04 05 06

Data Decision Action Outcome Feedback Improved 

Decision

The result is not simply greater automation.

It is compounding organizational intelligence.

Each completed workflow can generate information that improves the next decision, creating a reinforcing cycle between AI, 

people, processes, and data.

The Three Stages at a Glance

Dimension Bolted-On Wired-In Compounding

Improves the operating 

system

Primary role of AI Produces outputs Changes workflows

AI orchestrates and optimizes 

process

Workflow AI added to existing process AI embedded into process

Continuously available and 

governed

Data Limited or manually supplied Connected and contextual

Decision rights Human-led Shared and defined Risk-calibrated autonomy

Continuous, embedded 

controls

Governance Tool-level controls Workflow-level controls

Outcomes improve future 

decisions

Feedback Usage measured Outcomes measured

Compounding business 

impact

Value Task productivity Workflow efficiency

Typical AI pattern Copilot Integrated intelligence Agentic / adaptive intelligence
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The Critical Transition

The most important transition is not from one AI model to a more advanced model.

It is from:

AI influencing a workflow

AI participating in a 

continuously improving 

decision system.

AI generating an answer

This distinction matters because a more capable model does not automatically create more business value.

A highly capable model 

operating inside a 

disconnected process can 

remain a Bolted-On capability.

A comparatively narrow model 

that is deeply integrated into 

the right workflow can become 

Wired-In and generate 

substantially greater 

operational value.

And a system that 

continuously connects 

decisions, actions, outcomes, 

and feedback can move 

toward Compounding value.

Compounding Does Not Mean Maximum Autonomy

A critical distinction is necessary.

Compounding ≠ fully autonomous AI.

Not every financial-services workflow should be automated end to end.

The appropriate level of AI autonomy depends on:

01

Financial impact

02

Customer impact

03

Regulatory sensitivity

04

Reversibility of the decision

05

Data quality

06

Model confidence

07

Availability of human 

oversight

08

Cost of failure
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The objective is therefore not to remove humans from every process.

It is to establish the right level of AI autonomy for the risk and value of each decision.

The more consequential the decision, the stronger the evidence, controls, 

explainability, and escalation mechanisms required before AI can act 

independently.

The Maturity Test

An organization should not determine its maturity by 

asking:

“How many AI tools have we 

deployed?”

Instead, ask:

“How deeply is AI integrated into 

the way we work, decide, act, 

govern, and learn?”

A practical assessment should examine six dimensions:

01

Workflow Integration

Is AI embedded in the process or sitting 

beside it?

02

Data Connectivity

Does AI have reliable access to the 

context required to make useful 

decisions?

03

Decision Rights

Is it clear what AI can recommend, 

approve, execute, or escalate?

04

Governance

Are controls embedded into the 

workflow rather than applied after the 

fact?

05

Feedback Loops

Are real-world outcomes captured and 

used to improve future performance?

06

Economic Impact

Can the organization connect AI activity 

to measurable revenue, cost, risk, 

capital, or customer outcomes?

Together, these six dimensions determine how deeply AI is embedded in the mechanisms through which the organization creates, 

protects, and compounds value.
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4. Evidence: Signals of 

AI Integration Maturity

The clearest signal that adoption alone does not guarantee 

competitive advantage is the gap between widespread AI use 

and the smaller share of banks reporting that AI is helping 

them gain an advantage. Boston Consulting Group's research 

found that only one in four banks worldwide is actively using 

AI to gain a competitive advantage, a much smaller share than 

the more than 80% adoption figure suggests. The distance 

between those two numbers provides a useful signal of the 

Integration Gap: widespread AI adoption does not necessarily 

mean that AI has become a source of competitive advantage.

These are not experimental use cases; they are core operating 

functions. These expectations point toward a more Wired-In 

operating model, but the fact that executives describe broad 

embedding as a future state suggests that significant 

integration work remains across the industry.

CCAF data shows a meaningful maturity difference between 

fintechs and incumbents: 47% of fintech respondents reported 

advanced AI adoption, compared with 30% of incumbents. 

Fintechs also led in reaching the transforming stage, at 19% 

versus 6% for incumbents. This does not mean fintechs are 

inherently more mature, but it does suggest that 

organizational structure, workforce readiness, investment, and 

technology architecture can influence how quickly AI moves 

beyond experimentation.

Accenture's research points to the same divide from a 

different angle. Banking executives expect AI agents to be 

broadly embedded in risk, compliance, audit, and fraud and 

transaction monitoring within three years (57% of executives), 

and in credit assessment, loan processing, and know-your-

customer functions on a similar timeline (56%).

Exhibit: Signals of Integration Maturity

Figure

~25%

57%

56%

~100%

Signal

Banks actively using AI for competitive advantage (vs. simply adopting it)

Banking executives expecting AI agents fully embedded in risk, compliance, audit, 

and fraud monitoring within 3 years

Banking executives expecting the same for credit assessment, loan processing, 

and KYC

Financial services professionals whose AI budgets will grow or hold steady next 

year

Source

BCG, 2025

Accenture, 2026

Accenture, 2026

NVIDIA, 2026

Budget appetite does not appear to be the primary constraint. The surveys reviewed indicate that AI spending intent remains 

strong, suggesting that the more important challenge is how that investment is translated into workflow, data, governance, and 

decision infrastructure.
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5. The Governance Tax: 

Why Skipping Stages Backfires

Agentic AI is moving through financial services faster than any 

prior wave of the technology. 52% of firms in CCAF's 2026 

survey report they are already using agentic AI in some form. 

Regulatory infrastructure has not kept pace: 48% of the 130 

central banks and regulatory authorities CCAF surveyed report 

they are still in the exploring stage for AI oversight, or not 

engaged with it at all.

The risk-perception data inside the same report makes the 

exposure concrete. Asked to rate adversarial AI as a top 

concern, only 35% of AI vendors agreed, compared with 50% 

of industry respondents and 57% of regulators. On cyber and 

operational resilience risk specifically, the pattern repeats: 

32% of vendors, 46% of industry, 59% of regulators.

The parties building agentic systems are consistently the least 

worried about what can go wrong with them. That is not a 

neutral gap; it is a structural one, because vendors are the 

ones deciding what gets built into the product by default and 

what gets left to the buyer to configure.

The comparison suggests a meaningful gap between the pace 

of industry deployment and the development of regulatory 

approaches to AI oversight. In the context of our framework, 

this reinforces the importance of building governance 

capabilities alongside AI deployment rather than treating them 

as a later-stage activity.

Exhibit: Who's Worried About What Can Go Wrong

Rated a top concern by: AI Vendors Industry (Fintechs & Incumbents) Regulators

35%

50%

57%

32%

46%

59%

Adversarial AI Cyber / operational resilience
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Our forecast

As agentic AI adoption expands in financial services, we 

expect the consequences of premature deployment, including 

operational failures, compliance issues, erroneous autonomous 

decisions, and heightened regulatory scrutiny, to become 

increasingly visible. The risk is likely to be greatest where 

organizations expand AI authority before establishing clear 

accountability, escalation mechanisms, data lineage, 

monitoring, and governance controls.

Firms that skipped Wired-In have no intermediate stage where 

those controls would normally get built. This is Antier AI's 

forward-looking analysis rather than a finding reported by the 

sources cited above. It reflects the paper's central argument 

that the risk associated with AI autonomy increases when 

decision rights, accountability, escalation, and governance 

mechanisms have not matured alongside deployment.

The reasoning is straightforward: agentic systems make and 

act on decisions with less human review by design, which 

means the cost of missing accountability, escalation paths, 

and data lineage rises sharply compared with a Bolted-On tool 

a human always double-checks.

The practical implication is not "slow down on agentic AI." It is that Wired-In is not optional groundwork to skip on the 

way to the more advanced stage. It is where the governance, accountability, and escalation infrastructure that agentic 

systems require actually gets built. Organizations that attempt to introduce high levels of AI autonomy before 

establishing the workflow, data, decision-rights, and governance capabilities associated with the Wired-In stage may 

create avoidable operational and regulatory exposure.
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6. What Leaders Do Differently

Industry reports describe adoption, investment, and expectations.

Delivery experience reveals something more practical:

The organizations that move from AI experimentation to measurable value do not 

simply deploy better models. They change the system around the model.

Based on patterns observed across AI implementation programs, two transitions are particularly important:

Bolted-On → Wired-In Wired-In → Compounding

and

The technology may change. But more often, the breakthrough comes from changing the workflow, data connection, ownership, 

or feedback loop.

From Bolted-On to Wired-In

The Problem

The following scenario is illustrative and synthesizes patterns that can occur in AI implementation programs. It is not presented as 

a specific Antier client engagement.

A mid-sized digital lender had introduced a generative AI copilot to summarize loan applications for underwriters.

The summaries were accurate.

Underwriters liked them.

But the core process had not changed.
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Underwriters still reviewed the original application in a 

separate system, which meant they had to move between 

systems and manually bridge the gap between the AI output 

and the actual underwriting workflow.

AI had improved the information available to the underwriter 

but not the process through which the underwriting decision 

was made.

The Intervention

The organization changed three things:

01 Workflow integration

The AI output was connected directly to 

the underwriting queue.

02 Decision role

The AI was given a defined role: 

identify and surface relevant risk 

factors for human review rather than 

make the lending decision.

03  Accountability

The human underwriter remained 

responsible for the final decision and 

the action taken after the AI 

recommendation.

The Result

The important change was not a new model.

It was the removal of the manual bridge between AI and the workflow.

Once the AI became part of the actual underwriting process, the organization could measure its effect on the workflow rather 

than simply measuring whether employees used the copilot.

The Lesson

If people still have to manually carry AI's output into the process, the AI has not yet been integrated into the process.

From Wired-In to Compounding

The Problem

Illustrative Practitioner Scenario: A payments company had already integrated AI into its fraud-detection workflow.

Transactions were automatically flagged.

Flagged transactions entered a review queue.

Investigators handled the cases.

The system was operationally integrated.

It was Wired-In.

But the learning cycle remained slow.

Fraud rules and thresholds were updated on a periodic basis, meaning investigator decisions were not continuously influencing 

the system.
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The Intervention

The organization connected investigator outcomes back into the fraud system. The fraud team also received defined authority to 

adjust thresholds within established governance boundaries rather than routing every change through a separate data-science 

process.

The system therefore evolved from:

01 02 03 04

Transaction AI Flag Investigation Periodic Rule Update

to:

01 02 03 04 05 06

Transaction AI Flag Investigation Outcome Feedback Updated Decision 

Logic

The Result

The technology itself did not need to become fundamentally different.

The feedback loop changed.

Instead of waiting for periodic updates, the system could incorporate real-world outcomes more continuously.

The Lesson

Wired-In systems execute a workflow efficiently. Compounding systems learn from what happens inside the workflow.

What These Examples Reveal

The two examples appear different.

One concerns lending.

The other concerns fraud.

But the underlying problem is the same.

The AI Was Not the Primary Constraint.

The constraint was the surrounding operating model.

Buying a better model rarely closes the Integration Gap by itself.

If the workflow remains fragmented, the data remains disconnected, decision rights remain unclear, and outcomes are not 

captured, a more capable model simply produces a more capable isolated tool.

The Fintech AI Integration Gap 16



The Executive Shift

Leaders moving successfully through the maturity stages tend to change the questions they ask.

Bolted-On Question

Wired-In Question

Compounding Question

“Which AI tool should we deploy?”

“Which workflow should we redesign around AI?”

“How can the system learn from every outcome and improve 

the next decision?”

This is a progression from technology management to operating-model design.

What Leaders Should Look For

Before approving another AI initiative, executive teams should ask:

01  Where Does the Output Go?

If the answer is “someone copies it into another system,” the 

integration is incomplete.

02 Who Owns the Decision?

A project manager can own deployment.

A business owner must own the decision AI influences.

03 What Data Does AI Actually Have?

A model cannot make a contextually useful decision if the relevant 

information is inaccessible, fragmented, stale, or uncontrolled.

04 What Happens When AI Is Wrong?

Every consequential AI workflow needs a defined escalation path.

05 What Happens After the Decision?

If the organization does not capture the outcome, it cannot reliably 

determine whether the AI improved the decision.

06 Who Can Change the System?

Compounding requires an operating mechanism for learning and 

improvement—not simply a model that remains static until the next 

vendor release.
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The Practitioner's Rule

The strongest AI implementations tend to follow a simple sequence:

01

Start with the decision.

02

Map the workflow around it.

03

Connect the required data.

04

Define AI's authority.

05

Build human escalation.

06

Measure the outcome.

07

Feed the outcome back into the system.

08

Scale autonomy only where the evidence supports it.

This sequence shifts the center of gravity from AI deployment to AI-enabled business transformation.

The Bottom Line

The organizations that close the Fintech AI Integration Gap do 

not necessarily have access to fundamentally different AI 

technology.

They have built a different environment around it.

They redesign workflows. They assign accountability.

They connect data. They instrument outcomes.

They define decision rights. They build feedback loops.

And only then do they increase the level of AI autonomy.

The competitive advantage is not having AI inside the organization. It is having an 

organization that knows how to work with AI.
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7. The Path Forward

The next phase of AI maturity is not about launching more pilots. It is about systematically connecting the AI initiatives already 

underway to the workflows, decisions, data, controls, and outcomes that determine business performance.

For executive teams, the objective is straightforward:

Move from AI that produces outputs to AI that improves decisions and from 

isolated improvements to continuously improving systems.

The following roadmap provides a practical path from Bolted-On → Wired-In → Compounding.

The 30 / 60 / 90 / 180-Day Roadmap

Horizon Executive Priority Accountability What to Do Evidence of Progress

0–30 Days Diagnose Business + AI/

Transformation 

leadership

Inventory material AI use cases; assess 

each across workflow, data, decision 

rights, governance, feedback, and 

economics; identify the highest-value 

integration gap.

Clear maturity baseline 

and prioritized use-

case portfolio

31–60 Days Assign & 

Design

Business owner + 

Technology + Risk

Name an accountable owner for every 

AI-influenced decision; map current 

workflows; define decision rights, 

escalation paths, data requirements, 

and controls.

Target operating model 

and decision-rights 

map

61–90 Days Wire In Business/Operations + 

Technology

Connect AI to systems of record and 

business workflows; remove manual 

handoffs; instrument key outcomes; 

establish governance and exception 

handling.

AI embedded in 

production workflow 

with measurable 

outcomes

91–180 

Days

Compound Business owner + 

Technology + Risk/

Governance

Close feedback loops; evaluate 

performance continuously; refine 

models, prompts, rules, and workflows; 

introduce controlled autonomy where 

evidence supports it.

Measurable 

improvement over time 

and governed 

expansion of autonomy
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Move 1 - Diagnose Before You Deploy

Before funding another AI initiative, establish where the organization actually stands.

Assess the highest-value AI use cases against six dimensions:

Workflow Integration

Does AI change the process, or simply sit beside it?

Data Connectivity

Does AI have governed access to the information required to 

make a useful decision?

Decision Rights

Who owns the decision when AI influences it?

Governance

Are controls, auditability, escalation, and accountability 

embedded in the workflow?

Feedback Loops

Does the system learn from what happens after its 

recommendation or action?

Economic Impact

Can the organization connect AI activity to revenue, cost, risk, 

capital, customer, or operational outcomes?

The objective is not to produce a sophisticated score for its own sake. The objective is to identify where value is being lost 

between AI output and business outcome.

Executive Deliverable

Create an AI Integration Portfolio containing:

01

02

03

04

AI use case

Business owner

Decision influenced

Current maturity stage

05

06

07

08

Systems involved

Data dependencies

Risk classification

Current KPI

09

10

11

Target business outcome

Primary integration gap

Next investment required

Do not automatically fund the next model. Fund the constraint preventing the 

existing model from creating value.
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Move 2 - Assign Decision Ownership

AI initiatives often have project owners. AI-influenced decisions need something more important: accountability.

For every material AI-supported decision, define:

01

Decision

02

Decision Owner

03

AI Role

04

Authority

05

Escalation

06

Evidence

07

Outcome

The decision owner remains accountable for the business outcome even when AI performs part of the analysis or execution.

A practical decision-rights structure should distinguish between:

AI Role Appropriate Use

Inform AI provides information or summarizes context

Recommend AI proposes a decision for human review

Execute Within Limits AI takes predefined actions within explicit thresholds

Escalate AI routes exceptions or uncertain cases to an authorized human

Autonomous AI operates independently only where risk, reversibility, controls, and evidence support it

This creates a critical principle for agentic systems:

Autonomy should be earned through evidence, not granted through technical 

capability.
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Move 3 - Build the Wired-In Layer

Organizations should resist the temptation to move directly 

from isolated AI tools to autonomous agents.

The Wired-In layer provides the infrastructure that makes 

deeper AI integration controllable.

It should connect:

01

Enterprise Data

02

AI Intelligence

03

Business Workflow

04

Decision Rights

05

Action

06

Governance

07

Outcome

Key capabilities include:

Governed access to relevant enterprise data Human-in-the-loop controls where required

Integration with systems of record Exception and escalation mechanisms

Clear workflow ownership Model and prompt versioning

Role-based permissions Performance monitoring

Decision and action logging Outcome measurement

Audit trails

The goal is not simply to make AI more technically connected.

The goal is to make AI operationally accountable.
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Move 4 - Fund the Feedback Loop

The transition to Compounding begins when organizations stop treating deployment as the finish line.

For every material AI system, define what happens after the AI recommendation or action.

07

Improved Recommendation

01

Recommendation

06

Adjustment

02

Decision

05

Evaluation

03

Action

04

Outcome

Measure whether the system is actually improving.
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Depending on the use case, feedback may include:

Approval or rejection 

outcomes

Forecast accuracy Revenue or conversion 

outcomes

Human overrides

Fraud investigation results Cost-to-serve

Exception rates

Customer resolution 

outcomes

Processing time

False positives and false 

negatives Loss or risk indicators

Compliance review decisions

Importantly, feedback should not automatically mean autonomous model retraining.

In regulated environments, the loop may instead trigger:

01

Outcome

02

Evaluation

04

Controlled Update

03

Human Approval

That distinction allows organizations to build learning systems without sacrificing governance.

What to Fund

AI budgets should increasingly be evaluated across four layers:

Investment Layer Question

Models & Tools Can AI perform the task?

Integration Can AI participate in the workflow?

Decision Infrastructure Can AI influence decisions with clear authority and controls?

Learning Infrastructure Can the system improve based on real-world outcomes?

An organization that continuously increases spending on the first layer while underinvesting in the remaining three may increase 

AI activity without proportionally increasing AI value.
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The strategic shift is therefore:

01

More AI Tools

02

More AI Integration

03

Better Decisions

04

Better Outcomes

05

Continuous 

Improvement

The Executive Scorecard

Leadership should review AI performance using more than adoption metrics.

Activity Metrics

Number of AI use 

cases

Active users

AI-generated outputs

Agent executions

Productivity 

Metrics

Time saved

Processing time

Cost per task

Employee throughput

Business Metrics

Revenue impact

Conversion

Customer retention

Cost reduction

Loss reduction

Risk & Control 

Metrics

Exception rate

Human override rate

Policy violations

Audit findings

Escalation frequency

Compounding 

Metrics

Outcome 

improvement over 

time

Reduction in 

recurring exceptions

Decision-quality 

improvement

Learning-cycle 

frequency

Controlled expansion 

of AI authority

The progression should be visible:

01 02 03 04

Activity Productivity Business Impact Learning
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If measurement stops at activity, the organization has not yet demonstrated value realization.

The 180-Day Decision Test

At the end of the first six months, leadership should be able to answer five questions:

01 Where is AI materially changing a business workflow?

02 Which decisions does AI influence, and who remains accountable?

03 Can we trace the data, reasoning, action, and outcome for material AI decisions?

04 Which measurable business outcomes have improved?

05

What has the system learned from real-world outcomes and how has that learning changed the 

operation?

If these questions cannot be answered, the organization may 

have deployed AI without yet integrating it.

If they can, the organization has the foundations required to 

move from Wired-In toward Compounding.

The Strategic Shift

The next competitive advantage in financial services will not necessarily belong to the organization with the most AI models, the 

largest number of pilots, or the highest AI usage.

It will belong to organizations that can repeatedly execute this cycle:

IDENTIFY INTEGRATE GOVERN MEASURE LEARN IMPROVE SCALE

01 02 03 04 05 06 07

That is the path from AI adoption to AI operating advantage.
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8. Conclusion: The Next AI 

Advantage Is Integration

Financial services has largely answered the first question of the AI era:

Should we adopt AI?

The strategic question now is whether organizations can turn 

that adoption into repeatable, measurable, and increasingly 

compounding value.

The implication for leaders is equally simple: the next AI 

investment should not automatically be another model, pilot, 

or tool. It should address the constraint preventing existing AI 

capabilities from creating greater business value.

The framework in this whitepaper points to a simple 

progression: Bolted-On systems produce outputs; Wired-In 

systems change workflows; Compounding systems use 

outcomes to improve what happens next.

Organizations that build this discipline will be better positioned 

to scale AI responsibly, measure its economic impact, and 

expand autonomy where evidence supports it.

The future of AI in financial services will not be determined solely by who adopts 

the technology first. It will increasingly be determined by who integrates it best.
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About Antier AI

Antier AI helps financial services organizations move from AI 

experimentation and adoption to enterprise-wide AI 

integration. We build, deploy, operate, and govern enterprise-

grade AI, generative AI, intelligent automation, and decision 

intelligence solutions designed to work within the realities of 

regulated financial environments.

From identifying high-value opportunities and designing AI 

strategies to developing production-grade solutions and 

embedding governance, Antier AI works across the AI 

lifecycle.

Whether the objective is improving customer experiences, 

augmenting employee decision-making, automating complex 

operations, strengthening risk and compliance processes, or 

building new AI-enabled products and services, our focus is 

on translating AI capability into measurable business 

outcomes.

Our approach goes beyond individual AI use cases. We help 

organizations establish the technology foundations, data and 

knowledge infrastructure, AI workflows, governance 

mechanisms, and operating models required to scale AI 

responsibly across functions.

15+

Years of Experience

700+

AI & Tech Experts

2000+

Global Clients

1000+

Projects Delivered

Book an AI Maturity Diagnostic with Antier 


A working session where we map your organization against this framework and 

identify the highest-leverage next step.
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